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ABSTRACT 

Digital transformation (Rossi, 2012) is also impacting corporate 

governance models (Hilb, 2020). Companies must modify their 

organizational culture (Buemi et al., 2015); consequently, it is crucial 

to adopt a pedagogical approach to personnel training processes 

(Sibilio & Aiello, 2015). 

This project, part of the research conducted by the Permanent 

Observatory on Systemic Inclusivity at Giustino Fortunato University, 

is situated within this context, representing a multidimensional and 

multi-perspective application of the Flipped Inclusion model (Corona 

& De Giuseppe, 2017). The project takes the form of an exploratory 

study aimed at understanding the relationship between corporate 

governance, artificial intelligence, inclusion, and organizational well-

being (De Giuseppe, 2016a). In this scenario, the Flipped Inclusion 

model offers a promising approach to guiding this transformation in 

a human-centric, sustainable, and participatory direction (De 

Giuseppe, 2016b). 
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1. Introduction 

Over the last decade, the digital revolution has profoundly transformed many 

aspects of people’s daily lives, and the use of artificial intelligence (AI) tools — 

a phenomenon that has also been underway for some time but has become 

increasingly rapid in recent years — is spreading more and more widely. This 

technological revolution has affected not only the lives of individuals but has 

also had (and continues to have) a significant impact on the organization and 

functioning of businesses, opening up and anticipating new opportunities while 

simultaneously raising unprecedented interpretative issues and equally 

innovative regulatory challenges. According to many scholars, artificial 

intelligence is destined to become the driving force behind the fourth industrial 

revolution, irreversibly changing everyone’s everyday way of life (Abriani, 

2020). Examples include industrial automation, the use of e-commerce 

systems, the introduction of increasingly advanced management software, and 

the adoption of robots. 

Technological progress and, in particular, the spread of AI represent, within 

entrepreneurial activities, an element of innovation no longer limited solely to 

production and distribution, but also extending to other areas such as 

management and control, improving market performance and enhancing 

internal processes and decision-making mechanisms. The organization and 

management of modern enterprises are undergoing a metamorphosis (Rossi, 

2012), which is also reshaping corporate governance, where AI-driven 

disruptive innovation provides benefits in various ways (Falce et al., 2018). 

Above all, however, it is the ability to process increasingly significant quantities 

of data and information (Hilb, 2020) in order to support administrative bodies 

that makes the widespread development of artificial intelligence systems 

plausible. 



 

Corporate governance, understood as the institutional framework regulating 

the process of formulating and implementing business decisions, is constantly 

evolving. One of the most frequently debated issues in recent times concerns 

precisely the impact that new artificial intelligence technologies have and will 

have on corporate structures, and in particular on corporate governance itself. 

In this regard, the term CorpTech has been coined. 

To promote the development of algo-governance while respecting a human-

centric vision, it is essential to invest in AI culture, in building trust among users 

and beneficiaries, and above all in the accountability and verifiability of the 

algorithms employed (Montagnani, 2020). From a legal perspective, the 

recognition of AI in the role of director (Petrin, 2019) is connected to broader 

debates concerning the granting of legal personality to artificial intelligence 

tools (Teubner, 2019). Given the multifaceted impact of new algorithmic 

technologies on corporate governance, it is necessary to assess which rules may 

be undermined and which may instead be strengthened by AI. The role of AI in 

corporate governance therefore requires reinterpretation, so that it can 

become a concrete resource for directors in carrying out administrative and 

supervisory functions, while taking into account both its potential and the risks 

it entails (Mosco, 2019). 

The possible technological transformation of boards of directors is also 

destined to affect the expertise required of board members. Within the board, 

IT and data science skills will assume increasing importance in managing and 

interpreting the artificial intelligence tools employed. While some studies 

already suggest that companies with digitally savvy boards achieve better 

performance than those lacking such capabilities (Weill et al., 2019), it is 

important to emphasize how this makes the renewal and rejuvenation of 

boards of directors increasingly urgent. 



 

We are therefore facing a scenario undergoing profound and rapid change, 

from whose technological transformation a new value balance is emerging. 

Debates on corporate purpose and corporate social responsibility will have to 

take into account the genetic transformation that the corporate organism is 

experiencing. Added to this is the ethical issue concerning the limits of artificial 

intelligence use and the preservation of human primacy. 

While human beings may be affected by illnesses, cognitive and behavioral 

limitations, biases, and emotions, artificial intelligence tools are capable of 

resisting such variables, especially in systemic shock scenarios. The main 

market players, aware of the importance of innovation and change, are 

reviewing their business models and internal organization, redefining strategic 

objectives, strengthening corporate culture and engagement, and balancing 

recruitment with reskilling initiatives, above all by adopting organizational 

structures capable of enhancing internal IT and digital skills. 

In conclusion, a balanced way of considering AI’s participation in a company’s 

corporate governance is to conceptualize it not as a substitute, but as a support 

tool for human directors, enabling the board of directors to become a place for 

the fruitful interaction between intelligent machines and intelligent people. 

Achieving such results would also have significant implications in terms of 

corporate social responsibility, which creates tangible and intangible values 

that prove beneficial for the company, individuals, the territory, and the 

environment in which it operates (Schneider, 2022). For this reason, it is 

necessary for each company’s corporate governance system to undertake 

actions capable of influencing its organizational culture (Buemi et al., 2015), 

relying — especially in the era of artificial intelligence tools — on a 

transformative approach to management education capable of ensuring an 

inclusive corporate climate as an opportunity for the well-being of everyone 

and each individual. 



 

 
2. Corporate governance and artificial intelligence 

Corporate governance represents one of the areas most profoundly affected 

by the economic, technological, and social transformations characterizing the 

21st century. The emergence of complex digital ecosystems, the automation of 

decision-making processes, and the spread of artificial intelligence are 

redefining not only the operational modalities of organizations (Abriani, 2020), 

but also the epistemological and value-based foundations upon which strategic 

decisions are built. 

Traditionally understood as the set of rules, structures, and mechanisms aimed 

at ensuring the control and direction of the enterprise, corporate governance 

is now increasingly assuming a dynamic and relational configuration, in which 

human actors, technologies, information networks, and socio-cultural contexts 

interact (Fenwick et al., 2018). From this perspective, governance can no longer 

be reduced to a regulatory framework, but must be understood as a process of 

continuous, situated, and distributed learning. 

At the same time, the issue of inclusion and organizational well-being has 

gained increasing centrality in both scientific and managerial debates. 

Organizations are increasingly required to respond not only to economic 

performance objectives, but also to demands for equity, social sustainability, 

and the enhancement of diversity (Schneider, 2022). Inclusion, in this sense, 

represents a strategic dimension of governance, capable of influencing the 

quality of decision-making, innovation, and organizational resilience. 

Understanding corporate governance in the contemporary context requires 

moving beyond traditional interpretations, primarily based on legal-regulatory 

models and rationalistic conceptions of decision-making processes. 

Technological, organizational, and cultural transformations require a 

reinterpretation of governance (Rossi, 2012) as a complex, emerging, and 



 

dynamic phenomenon, in which cognitive, embodied, relational, and 

technological dimensions interact. From this perspective, conceptualizing 

governance as an embodied, distributed, and co-evolutionary system proves 

particularly fruitful. 

Artificial intelligence represents one of the main drivers of transformation in 

contemporary corporate governance. Its progressive integration into corporate 

decision-making processes profoundly modifies not only operational 

procedures but also power dynamics, accountability criteria, and organizational 

cultures (Falce et al., 2018). Understanding the relationship between AI and 

governance therefore requires an analysis that goes beyond the technological 

dimension, encompassing ethical, legal, social, and cultural aspects (CEPEJ, 

2018). 

In the early stages of digitalization, information technologies primarily played 

a supportive operational role, automating repetitive activities and improving 

process efficiency. With the advent of AI, a qualitative shift has occurred: 

algorithmic systems no longer merely execute instructions but actively 

participate in decision-making processes (Petrin, 2019). 

Machine learning algorithms, predictive analytics systems, and optimization 

models are now employed to support strategic decisions in areas such as 

financial planning, risk management, personnel selection, and performance 

evaluation. This phenomenon has led some scholars to refer to “algorithmic 

governance” (Falce & Sertoli, 2022), meaning a set of practices in which 

decisions emerge from the interaction between human judgment and 

computational calculation. 

One of the main critical issues concerning the adoption of AI in governance 

relates to the opacity of algorithmic decision-making processes (Nuzzo & 

Olivieri, 2019). Many machine learning systems, particularly those based on 



 

deep neural networks, operate as genuine “black boxes,” making it difficult to 

understand the criteria underlying specific recommendations or decisions. 

This opacity generates information asymmetries between those who design or 

control algorithms and those affected by their outcomes, with significant 

consequences in terms of power and responsibility. Within organizational 

contexts, such asymmetries may result in a reduction of decision-makers’ 

critical capacity, as they tend to rely on algorithmic recommendations, 

perceiving them as objective and neutral. 

A further critical element is represented by algorithmic biases. AI systems learn 

from historical data that reflect existing practices, values, and inequalities. 

Consequently, if they are not properly designed and monitored, these systems 

risk reproducing and amplifying forms of discrimination related to gender, age, 

socio-cultural background, or other characteristics. 

Within the context of corporate governance, algorithmic biases may 

significantly affect personnel selection, evaluation, and promotion processes, 

undermining objectives of inclusion and organizational well-being. The 

challenge therefore lies in developing governance models capable of 

identifying and mitigating these risks by integrating technical and ethical 

expertise (Mosco, 2019). 

The introduction of AI into decision-making processes raises fundamental 

questions regarding the concept of responsibility (Montagnani & Passador, 

2021). If a decision results from an interaction between human decision-

makers and algorithmic systems, who should be held responsible in the event 

of errors or harm? 

The literature on algorithmic governance highlights the need to redefine 

accountability mechanisms by introducing forms of shared responsibility and   



 

processes of human oversight. In this sense, governance cannot completely 

delegate decisions to AI, but must maintain an active role in guiding, 

controlling, and critically evaluating outcomes. 

From an ethical perspective, the adoption of AI in corporate governance 

requires careful reflection on the values guiding decision-making. Principles 

such as fairness, transparency, non-discrimination, and respect for human 

dignity must be integrated into the design and use of algorithmic systems. 

From a legal perspective, the debate is constantly evolving. Emerging 

regulations on AI aim to ensure the responsible use of technologies by 

introducing obligations concerning transparency, risk assessment, and the 

protection of fundamental rights. Organizations are required to adapt their 

governance models to this regulatory framework by developing 

interdisciplinary capabilities that integrate law, technology, and management. 

The adoption of AI (Nicotra, 2023) is not a culturally neutral process. 

Algorithmic systems may reinforce or challenge existing power structures, 

influencing the distribution of authority and the ways in which decisions are 

legitimized. 

In light of the critical issues identified, there is a need to develop AI governance 

models oriented toward inclusion and organizational well-being. This requires 

not only the adoption of ethically designed technologies but also the promotion 

of educational and participatory practices that enable stakeholders to 

understand and influence algorithmic processes. 

From this perspective, the Flipped Inclusion model offers a particularly relevant 

methodological framework. By promoting the reversal of traditional decision-

making processes and the active involvement of stakeholders (Corona & De 

Giuseppe, 2017), Flipped Inclusion can contribute to making AI a tool for 

empowerment rather than exclusion, strengthening the connection between 

governance, inclusion, and well-being. 



 

 
3. Inclusion and organizational well-being 

In recent years, the issue of inclusion has assumed a central role in scientific 

and managerial debates, emerging as a strategic dimension of organizational 

sustainability. Inclusion does not merely represent an ethical value or a social 

objective, but rather a fundamental driver for improving the quality of decision-

making, innovation, and organizational well-being. In this sense, corporate 

governance is called upon to integrate inclusion among its founding principles, 

moving beyond merely formal or compensatory approaches. 

The first organizational policies aimed at promoting diversity focused primarily 

on managing demographic differences, such as gender, age, and ethnicity. 

Although these approaches contributed to greater representation, they often 

proved insufficient in affecting deeper dynamics of power and participation. 

The transition from diversity management (Buemi et al., 2015) to systemic 

inclusion implies a paradigm shift: the aim is no longer to adapt “different” 

individuals to pre-existing structures, but rather to rethink the organization as 

a whole so that it can enhance differences as a resource. Systemic inclusion 

requires interventions involving organizational culture, processes, leadership, 

and governance systems. 

An inclusive organization is characterized by high levels of participation in 

decision-making processes. The ability to express one’s own perspective, to be 

heard, and to influence decisions affecting everyday work significantly 

contributes to organizational well-being (De Giuseppe, 2016b). 

From a governance perspective, this implies the creation of spaces and 

mechanisms that encourage dialogue and exchange among actors with 

different skills and experiences. Inclusive decision-making processes tend to be 

more complex and less linear, but they generate more robust and shared 

solutions. 



 

Organizational well-being can be defined as a dynamic state resulting from the 

interaction among individual, relational, and structural factors. It includes 

psychological, social, and organizational dimensions, such as a sense of 

belonging, the quality of relationships, perceived fairness, and opportunities 

for professional development. 

Numerous studies highlight how inclusive governance practices are positively 

correlated with employee well-being, reducing stress, conflicts, and turnover. 

In this sense, inclusion does not represent a cost, but rather a strategic 

investment for organizational sustainability. 

Digitalization and the adoption of AI are profoundly transforming working 

methods, introducing new opportunities but also new risks of exclusion. 

Remote work, digital platforms, and automated evaluation systems can 

broaden participation, but they may also exacerbate inequalities if they are not 

properly governed. 

An inclusion-oriented governance approach must therefore consider the 

impact of technologies on organizational well-being (De Giuseppe, 2016c), 

adopting design and implementation criteria that take into account the diverse 

needs and abilities of workers. 

Leadership plays a crucial role in promoting inclusion and well-being. Inclusive 

leaders are able to recognize and enhance differences, create a climate of trust, 

and encourage participation. 

From a governance perspective, this implies the need to develop leadership 

skills oriented toward active listening, reflexivity, and complexity management. 

The training of decision-makers therefore represents a key element for the 

implementation of inclusive practices. 

 

 



 

 
4. The Flipped Inclusion model 

The Flipped Inclusion model (De Giuseppe, 2018) is positioned within systemic 

methodologies oriented toward participation and organizational learning. 

Originating in the field of education and training, it proposes an inversion of 

traditional top-down processes by placing individuals and their experiences at 

the center as the starting point for the construction of knowledge and decision-

making processes (Cohen, 1994). 

Flipped Inclusion draws inspiration from several theoretical approaches, 

including active pedagogy, social constructivism, and the systemic approach. 

The model is based on the idea that learning and organizational change emerge 

from interaction among individuals rather than from the mere transmission of 

knowledge and content. 

The inversion proposed by Flipped Inclusion (De Giuseppe & Corona, 2017) 

concerns both the sequence of learning processes and the distribution of 

decision-making power. Individuals are not passive recipients of interventions 

imposed from above, but co-creators of meaning and active participants in the 

change process. 

The key principles of the model include the centrality of experience, the 

enhancement of differences, reflexivity, and active participation. These 

principles are translated into practices that encourage the involvement of 

individuals in decision-making and learning processes. 

Flipped Inclusion promotes open and flexible learning environments in which 

errors and conflicts are considered opportunities for growth. In this sense, the 

model is particularly well suited to organizational contexts characterized by 

high levels of complexity and continuous change. 

When applied to corporate governance, Flipped Inclusion enables decision-

making processes to be reinterpreted from a participatory and inclusive 



 

perspective. Boards and management levels can adopt practices based on 

active listening, broad consultation, and co-design, moving beyond rigidly 

hierarchical decision-making models (De Giuseppe, 2016a). 

The integration of Flipped Inclusion into governance requires a cultural change 

(Buemi et al., 2015), as well as structural transformation. This implies a 

willingness to question consolidated roles and to recognize the value of 

distributed competencies within the organization. 

The intersection between Flipped Inclusion and AI opens up particularly 

interesting scenarios. On the one hand, AI can support participatory processes 

by facilitating the analysis of large amounts of data and the collection of 

feedback. On the other hand, Flipped Inclusion provides a methodological 

framework to prevent AI from being used in a technocratic or exclusionary 

manner. 

Through the inversion of decision-making processes, the model enables 

individuals to participate in defining objectives and criteria for AI use, 

promoting transparency and shared responsibility. 

Numerous applied experiences highlight how Flipped Inclusion can significantly 

contribute to improving organizational well-being. The active involvement of 

individuals strengthens the sense of belonging, increases motivation, and 

promotes the development of transversal skills. 

In conclusion, Flipped Inclusion can be considered a model particularly suited 

to addressing the challenges of corporate governance in the AI era, offering 

concrete tools to integrate inclusion, participation, and well-being in a systemic 

manner (De Giuseppe, 2016d). 

 

 

 



 

 
5. Methodology 

The present study is part of the research activities of the Permanent 

Observatory on Systemic Inclusiveness established at the Università Giustino 

Fortunato, and is configured as an exploratory investigation aimed at 

understanding the relationship between corporate governance, artificial 

intelligence, inclusion, and organizational well-being. The emerging nature of 

the phenomenon made it necessary to adopt a quantitative, single-method 

approach based on a sample survey with the emerging nature of the 

phenomenon and with the objective of building a knowledge base useful for 

future longitudinal or experimental investigations. 

The research questions are structured around the following points: 

1. Is it possible to educate organizations toward a corporate governance 

model that promotes a participatory context?  

2. Is it possible to develop an organizational culture capable of creating 

inclusive corporate governance?  

 
5.1 The sample and the context of reference 

The study examined various models of territorial governance, involving 

organizations in the Campania region, with a specific focus on small and 

medium-sized enterprises (SMEs). The intention was to adopt a broad 

perspective that reflects the Observatory’s regional focus and its interest in 

examining local organizational contexts. 

The sample was established through a non-probabilistic voluntary sampling 

procedure known as convenience sampling (Fowler, 2014). Participants were 

invited to take part in the study through professional networks and direct 

contacts with the organizations involved. 



 

From a demographic perspective, the respondent population (𝑁=405) showed 

a majority of female respondents, primarily between the ages of 41 and 50. 

Most respondents hold a master’s degree and are employed in the public 

service sector. 

 
5.2 The stages of research 

Specifically, the investigation was conducted through the following consecutive 

phases. 

The first phase (Theoretical framework) consisted of a review of national and 

international scientific literature aimed at providing a socio-educational and 

business-economic framework for the research problem.  

During the second phase (Instrument Design) a quantitative questionnaire was 

developed. From a methodological standpoint, it should be noted that the 

questionnaire is an exploratory, unvalidated, and non-standardized tool 

designed to assess the current state of the art regarding the knowledge and 

application of AI in organizations, as well as perceptions regarding employees’ 

personal skills; Therefore, the interpretation of the descriptive results is 

conducted with the necessary caution, acknowledging the inherent limitations 

of the data’s generalizability and spatial replicability. The survey was organized 

into six distinct sections (Socio-demographic Data; Personal Data; Subjective 

Perceptions of Personal Knowledge and Skills; Company Data; Data on the 

Adoption of Artificial Intelligence; Data on Individual Perceptions). The 

questions were primarily closed-ended, using multi-point Likert scales. The 

survey was administered online and anonymously. 

The third phase (Intervention protocol and ongoing implementation): 

introduction of the EIPS framework (Explore, Ideate, Design, Experiment) of the 

Flipped Inclusion model (De Giuseppe & Corona, 2016) in partner contexts. 

Specifically, this paper reports only on the findings from the sub-phases of 



 

“Explore” (establishment of the IA Inclusive Governance Committee) and the 

“Conceive” phase (active cooperative learning training sessions). It should be 

noted that this phase is currently being implemented and developed, taking the 

form of an ongoing research-intervention initiative (Lewin, 1946). 

In the fourth phase (Analytical processing and ongoing analysis): consolidation 

of the dataset and identification of preliminary trends using only univariate 

descriptive statistics (absolute frequencies and percentages). In line with the 

exploratory nature of the study and the non-standardized instrument, no 

inferential tests or regression models are applied; such analyses are deferred 

to subsequent stages of research validation. 

In the fifth phase (Presentation and analysis of theses—Scheduled): In this final 

phase, an interpretive synthesis of all the consolidated quantitative data will be 

conducted. The objective will be to discuss the initial research hypotheses in 

light of the definitive results of the experimental intervention, in order to 

validate the framework’s long-term effectiveness and outline future directions 

for the theoretical model. 

With regard to the intervention protocol activities outlined in the EIPS 

framework of the Flipped Inclusion model as part of the research project, the 

current status and programmatic objectives of the ongoing research project are 

outlined below: 

1. EXPLORATION PHASE (completed). This phase involved the establishment 

of an inclusive AI governance committee composed of managers from the 

main corporate functions, experts in AI and emerging technologies, human 

resources and training managers, and legal and compliance representatives. 

The committee was responsible for defining the corporate strategy for AI 

adoption, establishing ethical guidelines for AI use, and monitoring the 

impact of AI on the workforce and organizational culture. Its objective was 



 

to supervise the integration of AI into corporate governance while ensuring 

inclusiveness, ethical standards, and regulatory compliance.  

2. IDEATION PHASE (in progress). During this phase, the Flipped Inclusion 

model is currently being implemented through the implementation of 

cooperative learning methodologies. Training sessions were organized in 

which participants assumed active roles, prepared materials, led 

discussions, and used digital tools to facilitate access to information and 

participation by all team members. The objective is to promote an inclusive 

learning and collaboration environment, enhancing diversity and individual 

skills.  

3. DESIGN PHASE (in the start-up phase): this phase will focus on training and 

skills development by offering AI training programs adapted to different 

organizational levels and roles. The objective will be to promote a culture 

of continuous learning and adaptability while encouraging knowledge 

sharing through workshops, seminars, and collaborative platforms. The aim 

was to ensure that all members of the organization understood AI and were 

able to use it effectively and responsibly.  

4. EXPERIMENTATION PHASE (scheduled/future): during this phase, 

evaluation activities will be carried out by establishing metrics to measure 

the impact of AI on performance, inclusion and employee satisfaction. 

Periodic audits were conducted to ensure compliance with ethical and 

regulatory guidelines, and feedback was collected from employees and 

stakeholders to identify areas for improvement. The objective will be to 

assess the effectiveness of AI integration and of the inclusive approach 

within corporate governance. 

 
 

 
 



 

6. Data analysis 

The analyses presented below are based on the descriptive findings that 

emerged from the exploratory survey. The frequency distributions provide an 

initial overview of organizational perceptions and practices, serving as an 

informational baseline for the research project. 

With regard to the actual use of AI tools within organizations, the distribution 

is strongly skewed toward limited or no use at all (Table 1). 

 
Table 1. Distribution of responses to item Q21 (“Are AI tools used in the organization 

where you work?”) 

Answer Number Percentage 

Very much 12 4% 

Moderately 76 25% 

A little 86 28% 

No 88 29% 

Total 308 100% 

 
Note: The sum of the cumulative percentage frequencies shows that 57% of the sample 

reports no (“No”) or minimal (“Little”) use of AI in their operational contexts. 

This gap between perceived knowledge and actual use highlights a transitional 

phase in which AI is recognized as a potential resource but has not yet been 

fully integrated into governance processes. 

The reasons for this limitation are clearly evident from an analysis of the main 

barriers identified by the respondents (Table 2). 

 

 

 



 

Table 2. Distribution of responses to Item Q23 (“What are the main barriers to AI 

adoption in the organization where you work?”) 

Answer Number Percentage     

High cost 25 8,40%     

Lack of expertise 133 44,80%     

Regulatory uncertainty 59 19,90%     

Resistance to change 68 22,90%     

Other 12 4,00%     

Total 297 100,00%     

 
The lack of internal expertise emerges as the main challenge, cited by 44.8% of 

the sample, followed by cultural resistance to change (22.9%). These findings 

indicate that barriers to technology adoption are not exclusively economic or 

financial in nature (the “High cost” option accounted for only 8.4%), but rather 

structural, linked to human capital and the anthropological and cultural models 

within organizations. This is compounded by the qualitative concerns 

expressed by some participants regarding the risk of losing human control and 

the opacity of algorithmic processes (black boxes), confirming the absolute 

necessity of defining explicit, ethical, and shared governance models. 

A second area of investigation focused on perceptions of an inclusive culture 

and its potential association with levels of organizational well-being. 

 

 

 

 

 



 

Table 3. Distribution of responses to item Q24 (“Do you believe that the organization 

where you work promotes an inclusive culture?”) 

Answer Number Percentage      

Yes 176 57,5%      

Maybe 48 15,7%      

It could 49 16%      

I don’t know 23 7,5%      

No 10 3,3%      

Total 306 100%      

 
The data in Table 3 show a generally positive perception: an absolute majority 

of respondents (57.5%) state that their organization actively promotes an 

inclusive culture. This favorable attitude is a fundamental prerequisite, as it 

indicates the presence of a fertile cultural ground for the introduction of 

innovative and participatory models based on Flipped Inclusion. 

Finally, the descriptive analysis reveals a correlation between perceived levels 

of inclusion and the assessment of overall organizational well-being (Table 4). 

 
Table 4. Distribution of responses to item Q28 (“How would you rate the level of 

organizational well-being in the organization where you work?”) 

Answer Number Percentage     

High  81 27%     

Sufficient 138 46%     

Medium 57 19%     

Low  15 5%     

I don’t know  8 3%     

Total 299 100%     

 



 

The majority of the sample falls between the “Sufficient” (46.0%) and “High” 

(27.0%) levels. A combined analysis of these descriptive data suggests a trend 

of mutual variation: work environments that embrace participatory and 

inclusive practices also exhibit, in parallel, stronger levels of well-being and job 

satisfaction. Taken together, the findings paint a picture in which AI emerges as 

a strategic resource with strong potential but not yet fully integrated, while 

inclusion represents an organizational dimension that is already well-

established but open to further structural consolidation. At this intersection, 

the pilot implementation of the Flipped Inclusion model serves as a 

methodological framework designed to bridge the gap, combining innovation 

in complex technological systems with a focus on relational and human 

dimensions. 

 
7. Discussion 

The analysis focuses on three main interpretative dimensions: the Impact of AI 

systems on decision-making processes, the role of inclusion as a strategic 

dimension of governance, and the contribution of the Flipped Inclusion model 

to the promotion of organizational well-being. 

This analysis aims to integrate the purely descriptive empirical evidence 

emerging from the exploratory study with the theoretical framework. From a 

theoretical perspective, the research framework finds its epistemological 

foundation in Systemic Pedagogy and the Science of Complexity (Bateson, 

1972; Morin, 1993; Olvera, 2011; Sibilio, 2014). Systemic pedagogy rejects 

reductionist interpretations and linear, instruction-oriented learning models, 

interpreting organizational structure as an embodied “living system” 

characterized by networks of multidimensional relationships, stable nonlinear 

and transgenerational dynamics among people (Hellinger, 2001) and ecological 

connections between formal, informal, and non-formal contexts. 



 

Within this framework, the Semplessa didactic construct (Sibilio, 2014; 2015) 

defines the ability of complex systems to develop elegant, rapid, and functional 

solutions for decoding and managing environmental complexity without 

simplifying it in a misleading way. The Flipped Inclusion model (De Giuseppe & 

Corona, 2016, 2021) was conceived precisely as a Semplessa-based operational 

translation (De Giuseppe & Corona, 2017b, 2020): it borrows the logic of 

“flipping” from the flipped classroom (Bergmann & Sams, 2011) and transforms 

it into a political and anthropological mechanism for structural inclusion. This 

is not merely a reversal of tasks, but rather a bottom-up reversal of decision-

making flows, designed to counteract the information asymmetry and opacity 

generated by the introduction of advanced digital tools such as algorithms and 

advanced AI infrastructures. 

The results show that AI is perceived by participants as a potentially strategic 

resource, but one that is still poorly integrated into governance processes. This 

finding is consistent with the international literature (Floridi, 2019) and 

motiveted by structural deficiencies in terms of internal skills (44,8). The risk is 

that AI adoption may occur in a fragmented or delegating manner, entrusting 

algorithms with complex decisions without adequate human oversight (Zuboff, 

2019). 

A second axis of discussion concerns the role of inclusion in governance 

processes. The widespread perception of an inclusive culture within the sample 

(57,5) confirms the hypothesis that inclusion can constitute not merely an 

ethical or value-based constraint, but rather an enabling factor for 

organizational innovation. The evidence gathered confirms that organizations 

open to pluralistic participation tend to exhibit greater organizational 

resilience. 

However, a gap remains between stated values and practical action (codified 

co-design), which highlights the urgent need to introduce structured 



 

methodological models. Although the preliminary nature of the field study does 

not allow for the identification of statistical or inferential causal relationships, 

the initial descriptive findings confirm the usefulness of the Flipped Inclusion 

framework as a flexible informational baseline for initiating cooperative 

learning pathways, guiding the processes of adoption and synergistic 

technological integration between inclusive and infrastructural dynamics from 

an anthropocentric and social sustainability perspective to generate positive 

impacts on levels of perceived well-being. 

 
8. Conclusions 

The present study has explored the relationship between corporate 

governance, artificial intelligence, inclusion, and organizational well-being, 

proposing a theoretical-empirical analysis of the application of the Flipped 

Inclusion model within organizational contexts.  

From a theoretical perspective and epistemological, the study contributes to 

the debate on governance in the AI era by integrating perspectives from 

cognitive sciences, organizational studies, and systemic pedagogy (Bateson, 

1972; Morin, 1993; Sibilio, 2014). The interpretation of governance as an 

embodied and distributed process makes it possible to overcome reductionist 

approaches and to capture the complexity of contemporary decision-making 

dynamics. 

The integration of the Flipped Inclusion model represents a further original 

contribution, providing a methodological framework capable of connecting 

inclusion, organizational learning and technological governance.  

From an empirical and methodological perspective, it is important to note that 

the exclusively descriptive and exploratory nature of this pilot study limits the 

scope of the current findings. The data extracted from the non-standardized 

questionnaire provide a descriptive baseline that is essential for guiding 



 

subsequent research efforts. Nevertheless, preliminary trends reveal a 

significant gap between the actual strategic integration of AI (Table 1) and the 

presence of an inclusion-oriented organizational culture (Table 3). This gap 

validates the need for a methodological framework capable of acting as a 

mediator. 

Looking ahead, overcoming the limitations on generalizability inherent in the 

convenience sampling method used will require the formal standardization of 

the survey instrument and the expansion of the employment sample. These 

steps will be essential for applying, in future studies, inferential statistical 

models and regression analyses capable of validating and mathematically 

quantifying the framework’s impact on long-term well-being levels. 

This pilot study, however, reaffirms that inclusion and well-being should not be 

viewed as secondary elements, but rather as foundational pillars of resilient 

governance models capable of managing technological complexity. The survey 

highlights the urgent need to implement public policies and integrated training 

programs aimed at developing interdisciplinary skills that can blend 

computational technological knowledge with ethical, humanistic, and 

organizational knowledge. In this regard, the scientific work being carried out 

at the Permanent Observatory on Systemic Inclusivity at Giustino Fortunato 

University is based on these principles of synergy and technological and social 

transfer between the world of academic research, educational systems and 

local development initiatives. 

From an operational and managerial perspective, the implementation of 

Flipped Inclusion (De Giuseppe & Corona, 2017b, 2021) serves as a 

methodological and pedagogical proposal to structure participatory decision-

making processes, support the ethical and transparent adoption of AI, develop   



 

reflexive skills among decision-makers and strengthen employees’ sense of 

belonging and motivation laying the groundwork for an increase in 

organizational well-being. 

For organizations operating in the Campania region, and particularly for small 

and medium-sized enterprises, these recommendations assume strategic 

relevance, as they enable the combination of technological innovation and 

social sustainability at the local level. 

In conclusion, corporate governance in the AI era is called upon to undergo a 

profound cultural transformation. Inclusion and organizational well-being do 

not represent merely additional dimensions, but rather constitutive elements 

of governance models capable of addressing the complexity and uncertainty of 

the present. In this scenario, Flipped Inclusion emerges as a promising 

approach for guiding such transformation toward a more human-centered, 

sustainable, and participatory direction. 
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